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Following the Smart Money:  
Tactical Asset Allocation Using Relative Sentiment 

Many professional investors are concerned that equities will experience lower than recent average annual returns 

over the next decade.  Indeed, many of the time-tested methods for forecasting long term equity returns are 

pointing to a low single-digit average annual return environment for U.S. stocks.   In response, pension funds, 

endowments, and institutional investors are reevaluating approaches to asset allocation.  This includes investigating 

ways to introduce tactical asset allocation strategies into long-term, broadly-diversified strategic portfolios. Tactical 

asset allocation seeks to adjust market exposures based on intermediate-term estimations of risk versus reward in 

an attempt to exploit inefficiencies and imbalances between asset classes.   

When making these adjustments, the tactical asset allocator will likely take into consideration various pieces of 

information, such as the state of economic and corporate fundamentals or the technical condition of the market. 

Indeed, two of the more popular and durable approaches to tactical asset allocation involve the use of “value” and 

“momentum”—factors widely regarded as providing excess returns over time. Despite their durability, however, 

value and momentum both have notable weaknesses when it comes to tactical asset allocation. 

Value, for example, is prone to reducing allocations (or exiting positions) too early during uptrends and prone to 

increasing allocations (or initiating positions) too early during downtrends (i.e., it may try to “catch a falling knife”). 

Momentum, in contrast, tends to have the opposite weaknesses. That is, momentum is vulnerable to staying in the 

market too long—while momentum indicators remain positive, but the market has topped and has begun to fall; 

and likewise, is vulnerable to staying out of the market too long—when momentum indicators remain negative, but 

the market has bottomed and has begun to rise. This latter weakness can be particularly vexing for momentum-

based investors, who are susceptible to missing out on the often-substantive returns that tend occur right after 

significant market bottoms. 

Given the aforementioned weaknesses of value and momentum, it is natural to ask whether there might be other 

indicators that might help mitigate these weaknesses. One potential area of exploration involves analyzing the 

buying and selling behavior of institutional investors (such as pension funds, endowments, insurance companies, 

and large market makers) relative to individual investors. Numerous studies have shown that institutional investors 

routinely outperform individual investors over intermediate time horizons (i.e., 1-6 months) (e.g., Grinblatt and 

Keloharju (2000), Gibson and Safieddine (2003), Gibson, et al. (2004), Schmeling (2007), Edelen, et al. (2010), among 

many others). These results hold for different metrics, different time periods, and different markets. 

That institutions would tend to outperform individuals over intermediate horizons is not surprising given the 

persistent structural advantages that institutions possess (such as better information networks, deeper human 

capital resources, and more advanced technology). Consequently, it may make sense to pay close attention to what 

institutions are buying or selling relative to individuals. The one major drawback of such prior studies, however, is 

that they typically have been based on data that was not available in real-time and thus could not be acted upon.  

In that context, in a recent SSRN paper “Want Smart Beta? Follow the Smart Money: Market and Factor Timing 

Using Relative Sentiment,” (Micaletti, 2018) we present what appears to be a more efficient and more powerful 

alternative to value and momentum for purposes of tactical asset allocation—an alternative that helps address the 

weaknesses listed above. The alternative we propose is a real-time, cross-asset, positions-based relative sentiment 

indicator derived from the Commitments of Traders (COT) report1.  

The proposed indicator measures the aggregate degree to which institutional investors are long or short equities 

relative to individual investors. The key innovation of the indicator is that it takes into account not only investors’ 

positions in equities, but also their positions in closely related non-equity assets2 (such as intermediate- and long-

                                                           
1 The Commitments of Traders report is a weekly snapshot of how various classes of traders are positioned in the 
futures and options markets across a wide range of asset classes 
2 de Roon, et al. (2000) show that the return of an asset depends not only on investors’ positions in the asset under 
consideration, but also on their positions in closely related assets 

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3164081
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3164081
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duration bonds). For ease of reference, we will refer to this indicator as the Smart Money Indicator (SMI), as 

institutional investors are often thought of as the “smart money.” 

RESEARCH FINDINGS 
While the main thrust of the paper largely revolves around subjecting the SMI to a variety of statistical tests to 

quantify its potential explanatory power (and is thus primarily geared for academics and quantitative trading 

practitioners), there are three notable research findings of the paper.  

1. The SMI and market timing: Institutional investors have demonstrated highly significant market timing 
ability over the 25-year history of the weekly COT report. This significance is both economic and statistical; 
is evident in both halves of the dataset; passes extremely stringent data snooping tests; and is exceptionally 
robust to different parameter combinations, lags in the data, and methods of computing the indicator.  

To give one a visual illustration of the SMI’s seeming ability to discern between up markets and down 

markets, the figure below plots the cumulative returns for two different strategies. The first (Strategy 1) 

goes long the total U.S. equity market if the prior week’s SMI was positive and in is cash otherwise. The 

second strategy (Strategy 2) does the opposite. That is, it goes long the total U.S. equity market if the prior 

week’s SMI was negative and is in cash otherwise.   

Starting in 1995, $1 invested in Strategy 1 would have grown to $8.20 by the end of 2017. In contrast, $1 

invested in Strategy 2 would have shrunk to 52 cents over the same time period.  

The difference in annualized U.S. equity market returns between Strategy 1 and Strategy 2 averaged across 

a variety of different parameter combinations (not only the one used in the figure below) is on the order of 

20 percentage points. In general, when the SMI is positive, annualized U.S. market returns tend to be in the 

high teens. In contrast, when the SMI is negative, annualized U.S. market returns tend to be in the low 

negative single digits. 

 

Figure 1.  U.S. equity market returns when the SMI is bullish (Strategy 1) and bearish (Strategy 2) 

 

2. The SMI and momentum: Although momentum is a well-known and highly regarded factor, it turns out that 

knowing the value of the SMI provides more valuable explanatory information than knowing the state of 

the market’s momentum. That is, regardless of the state of the market’s momentum, returns are 

significantly higher when the SMI is positive and lower when the SMI is negative.  
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This effect is especially pronounced when the market has negative momentum. At such times momentum 

strategies will be out of equities (or will have reduced allocations). But if institutions are “buying the dip” 

(i.e., the SMI is positive), the market, on average, generates 30% annualized returns. In contrast, if 

momentum is negative and institutions are not “buying the dip” (i.e., the SMI is negative), the market (on 

average) generates -20% annualized returns—a 50 percentage point difference in annualized performance 

based on whether the SMI is positive or negative. The figure below illustrates this dynamic: 

 

 
Figure 2.  U.S. equity market returns when momentum is negative—conditioned on the state of 

the SMI (whether positive or negative) 

 

In other words, the SMI appears to be adept at identifying when (and when not) to take equity market 

exposure during periods of negative momentum. In turn, this discernment may help address one of the 

weaknesses of using momentum as an investment indicator (namely, staying out of the market too long 

while waiting for momentum to turn positive).  

The following table shows the four combinations of the states of SMI and momentum and the general 

characteristic of U.S. equity market returns in each of those states. 

 Momentum Positive Momentum Negative 

SMI Positive Bullish Very Bullish 
SMI Negative Neutral Very Bearish 

 

3. The SMI and Smart Beta factors: Beyond the broad market, the SMI also appears to offer valuable insight 

into the performance of various so-called “smart beta” factors—i.e., long/short portfolios constructed 

based on equity characteristics such as value, quality, low volatility, etc. (where the long portfolios contain 

stocks with attractive values of the characteristic under consideration and the short portfolios contain 

stocks with unattractive values).  

 

The Fama-French factor High-Minus-Low (HML) (Fama & French (1993)) is an example of a long/short 

smart beta factor. The long side consists of stocks with high book-to-market values (i.e., cheap stocks), 

while the short side consists of stocks with low book-to-market values (i.e., expensive stocks).  

 

What we find is that when the SMI is positive, fundamentally-based smart beta factors tend to do poorly. 

This is likely because when the SMI is positive, the broad U.S. equity market tends to rise, lifting most 

stocks with it, including the unattractive ones. Hence, the short stocks of the long/short factors tend to do 

as well or better than the long stocks. That is, a “risk-on” market does not reward fundamentals.  
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Conversely, when the SMI is negative and the broad market is stagnant or falling, fundamentally-based 

smart beta factors tend to do well. This is likely because when the market is falling, investors tend to seek 

out fundamentally sound stocks as a safe haven, shunning the lower quality “glamour” stocks—which in 

turn causes the long sides of the factors to outperform the short sides.  In other words, a “risk-off” market 

rewards fundamentals. 

 

The figure below shows the performance of HML (i.e., long cheap stocks, short expensive stocks) 

conditioned on the state of the SMI. As one can see, when the SMI is negative (orange), HML tends to drift 

sideways or up. In contrast, when the SMI is positive (blue), the HML tends to drift sideways or down. 

Similar results hold for several other smart beta factors.  

 

 
Figure 3.  Performance of HML conditioned on the state of the SMI (whether positive or negative) 

TACTICAL ASSET ALLOCATION 
In light of the research findings described above, it is natural to ask whether the SMI can be used in real-time for 

purposes of tactical asset allocation? We believe so. Our paper provides an example of a potential tactical asset 

allocation strategy using the SMI and compares it to several active and passive benchmarks. Each of the strategies 

considered can go long some combination of the total U.S. equity market (“equities”, French (2017)) or the 

Bloomberg Barclays U.S. Aggregate Bond Index (“bonds”). The benchmarks include: 

• SMA10M: A 10-month moving average strategy, which is 100% long equities if the total U.S. equity market 

is above its 10-month moving average, and 100% long bonds otherwise.  

• SMA10M+TR4M: A strategy that combines the 10-month moving average signal with a 4-month total return 

signal. If both are positive, the strategy is 100% long equities. If only one is positive, the strategy is 50% 

equities, 50% bonds. Otherwise, the strategy is 100% bonds. 

• TREND: This strategy allocates to equities based on the 12-month total return of equities. The equity 

allocation ranges anywhere from 50% to 150% (i.e., it can use leverage) depending on the magnitude of the 

12-month total return relative to its history. If the strategy is less than 100% in equities, the difference is 

placed in bonds.  

• CAPE: This strategy looks at the Cyclically-Adjusted Price-to-Earnings (CAPE) ratio and allocates anywhere 

from 50% to 150% to equities (i.e., it can use leverage) depending on how the current CAPE value 

compares to its historical values. If the strategy is less than 100% in equities, the difference is placed in 

bonds. 

• CAPE + TREND: This strategy averages the allocation signals from the CAPE and TREND strategies.  

• 60/40: This is a passive 60/40 U.S. equities/U.S. bonds strategy, rebalanced quarterly. 
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The figure below shows the simulated historical performance from 1997 to 2017 for each of the strategies 

considered. 

 

Figure 4.  Comparison of the SMI tactical asset allocation strategy against both active and passive 

benchmark strategies. The active benchmarks all involve value and/or momentum. 

 

The table below quantifies the performance across various risk and return metrics: 

 Table 1.  Performance Metrics of the TAA strategies from 1997 to 2017 

 
 
Strategy 

 
 

CAGR 

 
Sharpe 
Ratio 

 
Capture 

Ratio 

 
Maximum 
Drawdown 

Average 
Equity 

Allocation 

Average 
Monthly 
Turnover 

SMI 11.87% 0.83 1.12 -21.89% 55.01% 32.77% 
SMA10M 10.14% 0.67 1.06 -21.92% 72.49% 11.55% 
SMA10M + TR4M 9.78% 0.67 1.05 -21.10% 70.47% 13.85% 
TREND 8.74% 0.47 0.98 -41.29% 95.81% 3.62% 
CAPE 8.07% 0.45 0.98 -51.89% 78.84% 1.55% 
CAPE + TREND 8.36% 0.46 0.98 -46.06% 87.33% 2.32% 
60/40 7.03% 0.50 1.00 -35.01% 60.11% 0.78% 

 

From the table above, we see that the SMI strategy had the highest return, the highest Sharpe ratio, the highest 

capture ratio, one of the lowest drawdowns, while spending the least amount of time invested in equities. That is, 

the SMI was more efficient in identifying attractive equity market opportunities. This efficiency did, however, come 

at the cost of higher monthly turnover.  
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The figure and table below show the same simulation results but starting from 2011:  

 

Figure 5.  Comparison of the SMI tactical asset allocation strategy against both active and passive 

benchmark strategies. The active benchmarks all involve value and/or momentum. 

 

 Table 2.  Performance Metrics of the TAA strategies from 2011 to 2017 

 
 
Strategy 

 
 

CAGR 

 
Sharpe 
Ratio 

 
Capture 

Ratio 

 
Maximum 
Drawdown 

Average 
Equity 

Allocation 

Average 
Monthly 
Turnover 

SMI 13.22% 1.15 1.08 -10.73% 63.53% 24.25% 
SMA10M 11.42% 0.91 0.99 -18.80% 88.70% 7.47% 
SMA10M + TR4M 11.64% 1.03 1.00 -12.75% 85.51% 10.76% 
TREND 12.17% 0.85 0.96 -21.15% 100.64% 3.38% 
CAPE 11.27% 0.91 0.97 -17.47% 85.02% 1.58% 
CAPE + TREND 11.68% 0.88 0.97 -19.47% 92.83% 2.44% 
60/40 8.87% 1.06 1.00 -10.66% 60.35% 1.01% 

 

Notably, during a time period (2011-2017) in which equities had very strong returns and it could have been 

detrimental not to have been fully invested in equities throughout the period, the SMI outperformed its nearest 

competitor, TREND, by 1% per annum while having much better risk-adjusted return characteristics (e.g., much 

lower drawdown, higher Sharpe ratio, higher capture ratio).  

It did this while having an average equity exposure through time of only 64% compared to 101% for TREND. Taken 

together, these results suggest the SMI may be more efficient than either value or momentum (or their 

combination) at identifying when and when not to take equity market exposure.   

SMART BUT NOT PERFECT 
Despite the strong economic and statistical performance of the indicator, it is not without its limitations. No 

indicator represents the “Holy Grail of Investing,” and therefore all indicators must be continually reevaluated and 

used in conjunction with other techniques. At Columbus Macro, we use the SMI as an important component of a 

multi-factor, multi-frequency process.  

There have been multiple instances in which Smart Money institutions were on the wrong side of the trade, 

including recently.  
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• At the market bottom in March 2009, institutions were seemingly caught by surprise by the change in 

GAAP accounting rules that precipitated the vigorous rally off the lows. The Smart Money was still short 

equities when the market bottomed and did not turn long until several weeks later—missing out on a good 

portion of the initial rally. 

• The Smart Money was also bearish equities leading up to and well after the 2016 election. They did not 

turn bullish (in the aggregate) until mid-2017—again missing out on a decent rally. However, when they 

finally did turn bullish, the market began rising at a significantly faster rate than it had been prior to their 

getting long. 

• The Smart Money was very long equities leading up to, during, and after the February 2018 selloff in 

equities. The market did recover, however, and went on to make new all-time highs in September 2018. 

But as the equity market was rising to those new highs, the Smart Money was selling, getting out of 

equities at approximately 2840 on the S&P 500 in early August, about 6 weeks before the eventual all-time 

high. 

So as one can see, the Smart Money’s timing ability has proven imperfect over discrete intervals. In general, 

however, it does appear that institutions, as measured by the SMI, tend to do reasonably well at identifying the 

broad market trends that play out over intermediate time horizons.  

CONCLUSION 
Timing the market is certainly difficult. That being said, there is ample research that shows institutional investors 

tend to outperform individual investors over intermediate time horizons. Thus, it may make sense to monitor what 

institutions are doing in the financial markets relative to individuals. The SMI seeks to quantify this relative behavior 

using data from the futures and options market.  

Because institutions expend significant resources attempting to ferret out the state of corporate and economic 

fundamentals, how they hedge their large equity and bond portfolios in the futures markets, in the aggregate, might 

be viewed as their consensus opinion on the state of those fundamentals relative to what the markets appear to be 

pricing in. Consequently, the SMI might properly be viewed as an implied fundamental indicator. For example, if the 

SMI is positive, that might imply institutions are seeing relatively healthier fundamentals than implied by the market 

as they scour the corporate and economic landscapes, and vice versa.  

Subjecting the SMI to a battery of statistical tests, we find that institutions have exhibited highly significant market 

timing ability over the entirety of the dataset (1995-2017). Additional tests show that in the presence of the SMI, 

momentum adds no additional predictive power. Further still, the SMI also appears to foreshadow the direction of 

several smart beta equity factors. 

For practical purposes, we construct a tactical asset allocation strategy using the SMI and compare it to several 

active and passive benchmarks (where all of the active benchmarks involve either value, momentum, or a 

combination of the two). We find that the SMI strategy produces higher returns, higher Sharpe ratios, higher 

capture ratios, and generally lower drawdowns than its value or momentum counterparts, while spending much less 

time invested in equities than any active strategy. These results suggest the SMI is both more powerful and more 

efficient than either value or momentum (or their combination) when it comes to identifying higher yielding equity 

market opportunities.  

In short, the polarity of the SMI seems to be capturing the deep and persistent forecasting advantages that 

institutions have over individuals, and the time horizons over which those advantages play out. Hence, in the quest 

to take “smart beta,” following the Smart Money appears to be a worthwhile strategy. 
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